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Introduction
The Programme for International Student Assessment (PISA) is an international study 
by the Organisation for Economic Co-operation and Development (OECD) measuring 
the academic performance of 15-year-old students in mathematics, science, and reading. 
In this paper, we examine the extent to which students’ perceptions of a supportive cli-
mate explain variations in students’ achievement in science using data from PISA 2015 
cycle for the five Nordic countries.

Past research on educational effectiveness has emphasized the importance of instruc-
tion and teacher quality for improving educational outcomes (Hattie, 2009). Most 
frameworks have described three basic dimensions of instructional quality: supportive 
climate, cognitive activation, and classroom management (Klieme et  al., 2009). Sup-
portive climate encompasses several aspects of the teacher-student relationship, such as 
direct support from teachers in lessons via subject-related directions (e.g. teacher sup-
port; Klusmann et al., 2008) and emotional support provided by caring teachers (Pianta 
& Hamre, 2009), such as dealing with students fairly and having constructive feedback 
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routines. An overlap between the terms teacher support, emotional support, and sup-
portive climate, therefore, seems to be unavoidable for understanding these in terms of 
teacher practices and instructional quality (Klieme et al., 2009).

Keeping the importance of students’ learning outcomes and motivation in mind, 
strong links between teacher–student relationships and outcomes have been docu-
mented in recent studies (Hattie, 2009; Krane et al., 2017; Pianta & Allen, 2008). More-
over, teacher-directed instruction has been found to be positively associated with 
performance (Lau & Ho, 2020). Teaching practices conducive to learning (Hattie, 2009), 
such as providing extra help to students when needed, listening to and respecting stu-
dents’ input, and caring for and encouraging students, alongside the influence of such 
practices on learning outcomes necessitate expanding the understanding of a supportive 
climate. In schools with supportive climate conducive to learning less disciplinary prob-
lems are to be observed (Cohen & Geier, 2010). Students benefit more in lessons where 
discipline norms are understood and implemented in agreement, and teachers are per-
ceived to be fair to individual backgrounds (Krane et al., 2017).

To expand on the dimension of supportive climate, this paper utilizes information 
from existing theoretical frameworks and literature to operationalize supportive cli-
mates by investigating four key aspects: teacher support, fairness, feedback, and class 
discipline (Fauth et  al., 2014, 2019; Jimerson & Haddock, 2015; Klieme et  al., 2001; 
Kunter et al., 2013; Taut & Rakoczy, 2016). The combination of reports on student back-
ground variables, student attitudes, and school features facilitates an examination of the 
multiple aspects of supportive class climate in detail as well as investigates links between 
student reports on supportive climate and educational outcomes. Moreover, examin-
ing the association between student achievement and supportive climates may assist 
in identifying factors that could improve educational outcomes (Baumert et  al., 2010; 
Fauth et al., 2019; Krane et al., 2017). This is critical because, unlike student background 
characteristics and peer impact, educators can influence the perceptions of a support-
ive climate for students through a consistent and conscious effort (Lanahan et al., 2005; 
Wagner et al., 2016).

This study examines variations in science achievement at the student and school lev-
els using data of five Nordic countries—Denmark, Finland, Iceland, Norway, and Swe-
den from the PISA 2015 study—in a multilevel modelling (MLM) analysis. We attempt 
to understand the characteristics of supportive climate in science classes and extend 
our analysis to assess whether the variation in science achievement explained by sup-
portive climate is similar across the five Nordic educational systems. We have chosen 
these countries due to their similarities in social, cultural, political, and economic fac-
tors. Although the five have independent school systems and their own curricula, the 
goal of fair education systems where “equity, participation and welfare are viewed as 
major national goals” is comparable (Antikainen, 2006, pp. 229). Despite an underlying 
ambition for all students to have equal access to education irrespective of their gender, 
origin, socioeconomic status, or cultural background, differences are noticeable con-
cerning the relation between student background and achievement across the Nordic 
countries (OECD, 2016a, 2016b). Even with major similarities in compulsory education 
in the Nordic countries, differences among school systems (OECD, 2016a, 2016b) and 
cultural and lingual diversity in most classes in the Nordic schools have been observed 



Page 3 of 28Rohatgi et al. Large-scale Assessments in Education           (2022) 10:12 	

(Björnsson, 2020). This makes it relevant, from an equity viewpoint, to investigate the 
role of supportive climates in enhancing educational outcomes.

Theory
Conceptualization of supportive climates

In the educational context, there is a consensus among researchers that teachers play 
an important role in student learning and that instructional quality is a key determinant 
of educational outcomes (Bellens et al., 2019; Nilsen & Gustafsson, 2016; Praetorius & 
Charalombous, 2018). Prior studies identified three key dimensions describing instruc-
tional quality: teacher support, cognitive activation and classroom management (Klieme 
et  al., 2009; Kunter et  al., 2013). Literature reviews on instructional quality have cap-
tured different measures and definitions of supportive climates from the perspective of 
teacher–student relationships, such as feedback on assessment (Vieluf, 2013), interac-
tions in classrooms (Danielson, 2007), and emotional guidance from teachers (Pianta & 
Hamre, 2009) besides support from teachers (Seidel & Shavelson, 2007).

Newer understandings of instructional quality have been characterised by conceptu-
ally overlapping domains. In addition to instructional clarity, cognitive activation and 
discourse, Klette (2015) identified a supportive climate as one of the key features of 
classroom teaching and learning. In this context a supportive climate captures both (a) 
interpersonal dynamics characterized by mutual respect and perceptions of fairness and 
(b) good classroom management procedures.

Although the conceptualizations may vary across frameworks, the core aspect of 
teacher support overlaps with interpersonal dynamics characterized by mutual respect. 
Findings regarding a supportive climate also revolve around teachers’ mindful efforts to 
be fair and impartial within safe learning environments (Klieme et  al., 2009) and stu-
dents’ need to experience respect and support from teachers (Baumert et al., 2010; Prae-
torius et al., 2014).

Classroom management refers to managing student behaviour in class (Pianta & 
Hamre, 2007; Van Tartwijk & Hammerness, 2011). This includes teacher actions that 
help to incorporate rules and methods in organizational and scaffolding strategies in 
teaching (Klusmann et al., 2008). However, merely maintaining rules and regulations in 
class is insufficient, as teachers also need to adopt strategies to reduce interpersonal con-
flicts (Kunter et al., 2013). As pointed out by Ma and Willms (2004), fewer disciplinary 
problems and more teacher support in science lessons are key requirements for a class-
room climate that is conducive to learning, which can in turn improve student achieve-
ment (Howes et al., 2011).

Supportive climates and educational outcomes

In the school and learning contexts, supportive climate provided by the teachers in form 
of support, recognition and facilitation of knowledge development comes across as a 
vital element due to its effects on both cognitive and non-cognitive outcomes (Wang 
et al., 2020). Empirical studies on instructional quality examine supportive climates con-
sidering explicit aspects of teacher-student interactions and their connection with stu-
dent motivation and academic achievement (Burić & Kim, 2020; Scherer & Nilsen, 2016; 
Scherer et al., 2016).
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Teacher support and its association with student achievement

Many studies have identified teacher support as an integral part of the teacher-student 
relationship. The teacher support construct covers providing students with both aca-
demic support (e.g. in the form of encouragement and facilitating the process of learn-
ing) and emotional support (e.g. in the form of involvement, acceptance and trust) 
(Pitzer & Skinner, 2017; Wentzel et al., 2018). Empirical studies show a significant and 
positive association between teacher support and student achievement (Yildirim, 2012; 
Wong et al., 2018). Jimerson and Haddock (2015) found that teacher support facilitates 
students’ positive academic and social-emotional outcomes, such as promoting student 
engagement (Lipowsky et al., 2009) and students whose teachers were perceived by them 
as unsupportive were more likely to appear disengaged in class activities (Klem & Con-
nell, 2004).

Moreover, teachers supporting their students in solving difficulties in both instruc-
tional activities (e.g. instrumental support) and outside the classroom (e.g. emotional 
support) boost students’ achievement motivation (Chen & Guo, 2016; Klieme et  al., 
2009; Pitzer & Skinner, 2017). Teacher support significantly correlates with students’ 
development of subject-specific interests (Fauth et  al., 2014), resulting in an additive 
“effect” that positively contributes to students’ achievement and learning motivation, 
intrinsic beliefs, and increased sense of well-being (Burić & Kim, 2020; Dietrich et al., 
2015; Praetorius et al., 2018; Scherer & Nilsen, 2016).

Teacher fairness and its association with student achievement

Interaction with a teacher who is perceived as fair builds a positive relationship between 
student and teacher (Colquitt, 2001). Teacher fairness has also been associated with 
positive outcomes in compliance with class rules (Colquitt, 2001), general well-being, 
and security (Hattie, 2013; OECD, 2017a, 2019). Contrarily, unfair treatment by teachers 
reinforces perceived bias, and students experiencing this show lower levels of perfor-
mance (Burns et al., 2020; Deal & Peterson, 2016). Perceptions of teacher fairness as an 
aspect of a supportive climate are also important to understand the effects of students’ 
immigrant status. Teachers who come across as respecting students regardless of their 
cultural, ethnic, or racial background have positive influences on student well-being and 
motivational and educational outcomes (Krane et al., 2017). As Colquitt (2001) puts it, 
besides promoting student well-being, teacher fairness is also associated with compli-
ance with class rules. Thus, students are more likely to follow the rules and the teacher’s 
advice if they experience their teacher as fair and just.

Feedback from teachers and its association with student achievement

Timely feedback on assignments and supervision on schoolwork also contributes to 
developing a strong supportive climate, improving students’ self-efficacy, and raising stu-
dent competence and skill levels, thereby influencing both motivation and achievement 
(Burić & Kim, 2020; Hattie, 2009) Regarding perceived feedback from science teachers 
at the student level, significant associations with science achievement affirm that low-
performing students share considerably higher perceptions of getting more feedback 
and scored significantly higher on the perceived feedback scale than high-performing 
students (Sortkær, 2018). Moreover, feedback provided on time can provide the students 
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with descriptions of what tasks they can do and need to be more attentive to in the con-
text of school lessons (Lipko-Speed et al., 2014). Specifically, perceptions of getting feed-
back is vital for students’ construction of knowledge in science class (Fauth et al., 2014), 
supporting results from prior research that feedback from teachers is important for stu-
dents’ learning and enhanced attainment (Klieme et al., 2009; OECD, 2017a). Hattie and 
Timperley (2007) emphasized that feedback from teachers can be both positive (sup-
portive and ongoing) and negative (concentrating on the performance gap) and has dif-
ferential effects, depending on the way in which the teacher provides feedback. Research 
findings on the effects of feedback on student performance are also not uniform, as feed-
back from teachers is not always positive. Feedback focusing on the negative aspects of 
school work tends to lower both confidence to achieve and self-esteem (Weaver, 2006), 
which result in poorer academic performance. Moreover, students struggling to keep up 
with others are more dependent on teacher feedback with regard to the solid support 
structures that help in the construction of knowledge and skills (Hattie & Timperley, 
2007). Sortkær (2018), in his study based on PISA results, also demonstrated that the 
students who have the greatest need for feedback are those who perform poorly, includ-
ing non-native students and students of low socioeconomic status.

Disciplinary climate in class and its association with student achievement

The disciplinary climate is yet another noteworthy variable that influences students’ aca-
demic performance, and a positive disciplinary climate is a facilitator for student learn-
ing (Berkowitz et al., 2017; Klieme & Kuger, 2014; OECD, 2017a; YetiŞir & Kaan, 2021). 
Often examined as a dimension of instructional quality, classroom discipline is typically 
significantly and positively related to academic learning (Atlay et al., 2019; Bellens et al., 
2019; Ning et al., 2015; Scherer et al., 2016; Sortkær & Reimer, 2018). Nevertheless, non-
trivial relationships between disciplinary climate and achievement have also been found 
(Sortkær & Reimer, 2016). Researchers are also constantly examining the association 
between this construct and student achievement in relation to other student variables, 
such as gender and socioeconomic status, as well as the role of disciplinary climate as a 
moderator, or mediator, in its relationship with student achievement. Ning et al. (2015) 
suggested that a good disciplinary climate moderates the SES–achievement relationship, 
whereas other researchers (Liu et al., 2015) have provided evidence that it mediates the 
relationship between SES and achievement. Furthermore, Sortkær and Reimer (2016) 
suggested that disciplinary climate plays a moderating role in the association between 
inquiry effectiveness and student academic outcomes.

Furthermore, reports from international large-scale studies, such as the Trends in 
International Mathematics and Science Study (TIMSS) and Progress in International 
Reading Literacy Study (PIRLS), characterize behavioural problems, such as an adverse 
school climate, as detrimental to students’ focus on learning (Bellens et al., 2019; Nilsen 
& Gustafsson, 2014). Good disciplinary climate contributes to building teacher–student 
relationships (Tosto et  al., 2016) and enables students to internalize teacher feedback 
(Ning et  al., 2015). Overall, a positive disciplinary climate influences student engage-
ment, student attitudes, students’ well-being, and their educational outcomes (Burić & 
Kim, 2020; Hattie, 2009; Praetorius et al., 2018).
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Student backgrounds and school context

Based on theoretical and empirical considerations, we identified certain student back-
ground and school variables to review in this study, as students’ background character-
istics. These are gender, ethnicity, socioeconomic status, and educational aspirations, 
which correlate with academic outcomes (OECD, 2016a, 2016b; Martin et  al., 2016). 
Bijou and Liouaeddine (2018) report that in 72% of all the participants in 2015 PISA, 
boys performed better in science. Gender differences in favour of boys have earlier been 
noted for science achievement in a sample of 15-year-old students (Sun et  al., 2012) 
which influence the selection of STEM (Science, Technology, Engineering, and Math-
ematics) subjects in higher studies (Fredricks et  al., 2018). Further, Liou et  al. (2020) 
highlighted the role of both gender and grade level differences in the motivational beliefs 
held by students about learning sciences and associated achievement in these fields. 
Minority students tend to report less favourable attitudes towards academics (OECD, 
2016a, 2016b, 2019; Way et al., 2007) such that ethnicity is also an important factor for 
the observed differences in academic outcomes (Farkas, 2017). Family background, par-
ticularly socioeconomic status, plays an important role in predicting a student’s aca-
demic performance (Chiu & Klassen, 2010; Hansen & Gustafsson, 2016; Mullis et  al., 
2020; OECD, 2013, 2016a, 2016b, 2019; Sirin, 2005). The link between socioeconomic 
status and academic outcomes noted earlier is becoming more marked in most coun-
tries and within the Nordic countries (Hansen & Gustafsson, 2016; Harwell et al., 2017). 
Students’ prior achievements along with family and peers are a source of inspiration in 
forming and stimulating students’ perceptions about future studies (Chow et al., 2012; 
OECD, 2017a;  Broeck et al., 2020).

As part of the organizational dimension of school climate, school characteristics help 
shape common values and beliefs regarding instruction, sense of belonging, and gen-
eral well-being as components of group-level perceptions (Bronfenbrenner, 1992). The 
quality of school facilities acts as a mediator that affects student achievement through 
the school climate (Uline & T-Moran, 2008; Welsh et  al., 2000). A school’s physical 
and structural features, such as school size and school type (e.g. public vs. private) also 
impact student achievement and school climate (Rudasill et  al., 2018). In their study, 
Welsh et  al. (2000) connected school size to negative student behaviour, emphasizing 
that large school size relates to disorder and negatively influences student–teacher rela-
tions. Instruction disruption due to negative conduct and safety concerns also causes 
disorder in schools, affecting academic outcomes (Ma & Willms, 2004; OECD, 2016a, 
2016b).

Nordic schools and equity perspective

The role of instructional quality in bridging the achievement gap between students from 
different backgrounds is a topic of great concern for researchers leveraging instructional 
quality as a tool to mitigate differences arising from individual factors (Kyriakides & 
Creemers, 2011). Specifically, when it comes to studying the contribution of socioeco-
nomic status (SES; henceforth, ESCS, denoting the PISA index of economic, social, and 
cultural status) to science achievement, varying degrees of differences are observed in 
the Nordic countries. Hansen and Gustafsson (2019) highlighted sizeable variations in 
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the Nordic countries due to ESCS, particularly in Sweden, contrary to the general con-
ception of similar school systems across the Nordic countries.

The present study

We aim to understand the importance of a supportive climate for student achievement 
using the self-perception of students regarding four aspects of a supportive climate—
teacher support, fairness, feedback, and class discipline—based on the Programme for 
International Student Assessment (PISA) data from 2015. We study the effect of each 
of the four aspects of supportive climate and identify important factors accounting for 
the variations in science achievement. Keeping in mind the alterable nature of the sup-
portive climate, it is also of interest to study the influence of pre-existing factors such as 
student background and school characteristics on academic outcomes. In particular, we 
address the following questions:

RQ1: To what extent are students’ perceptions of supportive climate and students’ sci-
ence achievement related, when controlling for student backgrounds at the student level 
and the school characteristics at the school level, in Denmark, Finland, Iceland, Norway, 
and Sweden?

RQ2: To what extent can students’ backgrounds and school characteristics explain the 
variations in students’ science achievement in the Nordic countries?

Methodology

The PISA international survey has been administered to 15-year-olds by the Organisa-
tion for Economic Cooperation and Development (OECD) every 3 years since 2000. One 
domain out of the three major areas—reading, mathematics, and science literacies—
receives additional focus in each cycle. In 2015, the PISA assessments focused on science 
literacy (as in 2006), and data was collected from 540,000 students from 72 countries 
using an online test. Further, background data were obtained through student and 
school questionnaires. As described in the scientific literacy assessment framework, the 
topics covered the following areas: health and disease, environmental quality, hazards, 
and frontiers of science and technology addressed under three competence areas com-
prising explaining phenomena scientifically, interpreting data and evidence scientifically, 
and evaluating and designing scientific inquiry (OECD, 2016a). The scientific literacy 
achievement scores are reported as 10 plausible values (hereafter PV) for each student 
[we refer to OECD (2017b)] for more details about the plausible-value technique). Con-
structed scales based on the responses describe students’ performance, where positive 
scale scores represent the more positive responses across OECD countries (OECD, 
2016a, 2016b).1 The OECD and the national institutions administering PISA 2015 
adhered to the human subject research guidelines and approval (OECD, 2017b).

Sample

In the 2015 PISA, a stratified two-stage cluster sample was used where schools were 
sampled at the first stage, and around 30 students (15-year-olds) across grades were 

1  The 2015 PISA Science data are publicly available at the OECD site (https://​www.​oecd.​org/​pisa/​data/​2015d​ataba​se/).

https://www.oecd.org/pisa/data/2015database/


Page 8 of 28Rohatgi et al. Large-scale Assessments in Education           (2022) 10:12 

sampled from each school in stage two (systematic probability proportional to size 
[PPS]). We analysed data for five countries in the Nordic region: Denmark, Finland, 
Iceland, Norway, and Sweden. In Iceland, all 15-year-olds were included in the sample 
whereas a two-step sampling was done in other four countries.

According to OECD (2016a, 2016b) report, 4/5 of these students in Denmark, Finland 
and Sweden were in grade 9, whereas almost all were in grade 10 in Iceland and Nor-
way. The number of students and schools for each of the five countries are presented in 
Table 1.

Keeping the two-stage random sampling design of PISA in mind, students’ self-reports 
do not necessarily refer to the same science teacher (OECD, 2017b). These reports are 
broadly associated with students’ conduct in the classroom (Atlay et al., 2019) and pro-
ject collective perceptions of students within a school. In our understanding, this lim-
its the scope of ascribing classroom management to a particular teacher and does not 
measure as a classroom-level construct would (Klieme, 2013; Marsh et al., 2012).

Measures

We attribute the study variables to four major constructs—science achievement, sup-
portive climate—based on students’ perceptions as individual-level indicators, student 
background, and school characteristics as school-level measures (Table 2). Scale indices, 
standardized with a mean of zero and a standard deviation of one, were generated by the 
OECD using item response modelling. Unless specified otherwise, a positive value indi-
cates a higher incidence of the measured phenomenon. Gender was recoded (girl = 0, 
boy = 1) and the immigrants’ backgrounds were also sorted using dummy coding (native 
student = 1, other = 0), where IMMIG1 represents a first-generation immigrant student 
(i.e. a student born outside the country and whose parents were also born in another 
country), and IMMIG2 represents a second-generation immigration student (a student 
who was born in the country but whose parent/s were born in another country).

Analytical approaches

Considering the PISA data’s hierarchical structure, we employed a statistical approach 
called multilevel linear modelling (MLM). In addition to providing correct standard 
errors, MLM allowed us to deal with the clustering in our data in order to investigate 
relationships at more than one level (Hox et al., 2010; Snijders & Bosker, 2011).

The data was prepared using SPSS Version 26, and all analyses were conducted in the 
statistical package Mplus Version 8.3 (Muthén & Muthén, 1998). Given that PISA 2015 
applied a two-stage random sampling procedure, differences in the probabilities of being 
selected as a study participant occurred (Asparouhov, 2005). To adjust for these dif-
ferences in all analyses, we used the students’ final weights along with school weights 
(Mplus option WEIGHT = WGT; BWEIGHT = WT_SCH) with both weights being 

Table 1  Description of sample for each of the five Nordic countries

Denmark Finland Iceland Norway Sweden

Number of students 7161 5882 3371 5456 5458

Number of schools 333 168 124 229 202
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scaled to account for the complex design. Additionally, group-mean centring for student 
level to examine the effects of student-level and school-level variables independently 
(Enders & Tofighi, 2007) and grand-mean centring for school level measures were used. 
Maximum likelihood with robustness to non-normality (MLR) was used to estimate all 
models, whereas for the handling of missing data, full information maximum likelihood 
(FIML) was used. The analyses were conducted based on all ten plausible values, and 
the resultant model parameters for each value were pooled following Rubin’s combina-
tion rules through the TYPE = IMPUTATION option in Mplus. Implementing Hu and 
Bentler’s (1999, p. 27) recommendations, we used a combination of the cut-off for the 
comparative fit index (CFI) and the Tucker-Lewis fit index (TLI) as > 0.95 and the stand-
ardized root mean square residual (SRMR) as 0.09 for model fit evaluation. A root mean 
square error of approximation (RMSEA) > 0.06 was used as a cut-off.

As a starting point, an unconditional model (a model without explanatory variables) 
for each country was examined, which indicated supporting evidence for multilevel 
modelling when intra-class-coefficient (ICC: the proportion of the between-school vari-
ance on the overall variance) estimates were above 0.05 (Geiser, 2012). Subsequently, in 
a single-level and two-level analysis, a set of intermediate models (results in Tables 4, 5, 
6) were examined.

We started our analysis by examining the student-level variables in two steps. Firstly, 
to test the relationship between the four supportive climate variables and the outcome 
variable (science achievement) collected through student ratings (Model 1 in Table 4). 
In the next model, we controlled for the background variables; gender, immigrant status, 
socioeconomic background, and educational aspirations (Model 2 in Table 4). We then 
tested the relationships at the school-level, out of interest in only explaining differences 
in the school means of supportive climate variables on the outcome variable in Model 3. 
Later the control variables (school characteristics) were added in Model 4. Table 5 pre-
sents the results for these models with only school level predictors.

Finally, we performed a multilevel analysis and examined the variables on both levels 
in two separate models (Table 6). In step one, an initial model with only predictors of 
interest was developed. We included school-level means for supportive climate indica-
tors at school-level, in addition to level-1 predictors in Model 5, to understand the dif-
ferences between within-school and between-school regressions. These school means 
represent the average perceptions of all 15-year olds students in the same school and are 
taken as proxies for the school situation. This allowed us to analyse the additional effect 
of the student composition on achievement in addition to the individual perceptions of 
supportive climate.

Subsequently, in Model 6, control variables at both levels (student background and 
school characteristics) were added to supportive climate indicators. A set of fully stand-
ardized beta coefficients (in units of standard deviations), fixed for each country, ena-
bled us to compare their regression coefficients. We note that due to missing data, there 
are fewer students in all countries compared to the number of students in the sample 
(Table 1). For comparison of the relative fit of two competing models, a reduction in the 
deviance (multiplying the Log Likelihood by minus 2) from the initial model to the full 
model was registered for each country, and the “just identified” regression model had a 
perfect model fit with the CFI and TLI values at 1.00.
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Results
We examined the descriptive statistics (means and standard deviations) of the stud-
ied variables related to supportive climate indicators, student background, and school 
climate characteristics. Given that the mean and standard deviation (SD) for varia-
bles were scaled towards the international scores with an OECD mean of zero and an 
OECD standard deviation of one, no ceiling or floor effects were visible in the data 
in any of the five countries. The scale reliabilities for the indices presented in Table 2 
are reported in the 2015 PISA report (OECD, 2017b). Cronbach’s alpha was only sub-
stantial for the measurement of ‘negative student behaviour hindering learning’ a 
variable at school level. Otherwise, almost all other scales showed acceptable values 
above 0.80, which can be considered as high in all five countries. Reviewing the cor-
relations and using Cohen’s d (1992) description (low around 0.1, medium around 0.3, 
and large if more than 0.5), we found that the supportive climate measures used in 
this study significantly correlated with each other in all countries in a low to medium 
range with magnitudes between 0.18 and 0.40. Results from the unconditional means 
model showed that the ICC estimates were 0.19 for Denmark, 0.08 for Finland, 0.04 
for Iceland, 0.09 for Norway and 0.16 for Sweden. These ICC values indicate that the 
mean science achievement scores vary notably across schools in four countries and 
also to a small extent in Iceland, providing us with an important argument for con-
ducting a two-level analysis (Geiser, 2012; Hox et al., 2010).

Results from the student‑level analysis

We started out testing the predictors of interest in Model 1 and later added the con-
trol variables in Model 2 (Table  4). The addition of control variables reduced the 
Log Likelihood values from −142,828.72 (SD = 79.46) for Model 1 to −138,462.38 
(SD = 77.78) for Model 2.

Generally, no substantial changes were noticed in the supportive climate variables 
after the inclusion of control variables. Teacher support remained significant in Den-
mark, Finland, and Norway, but with low effect sizes. Coefficients for teachers per-
ceived as being fair were positive in all five countries, with effect size indicating a 
weak relationship with achievements. The results also show that perceived feedback 
from teachers was significant after controlling for student background, but a very 
weak relationship was observed. Trivial relationships were also observed for class 
discipline only in Finland. Overall, when it comes to the students’ background indi-
cators, gender was significant in four out of five countries, but not significant in Fin-
land. Furthermore, results show that native students have an advantage over students 
with immigrant status in all five countries. However, second-generation students have 
a slight advantage over first-generation students in four countries except Denmark 
(where first-generation students performed equally well as the second-generation stu-
dents; OECD, 2016b). Students’ future educational aspirations and their ESCS how-
ever contributed to their achievements.
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Results from the school‑level analysis

In a separate analysis, the variables at the school level were tested in Model 3 and 
in Model 4 with control variables (Table  5). The results from Model 3, with school 
means of supportive climate variables revealed both significant and in the range (low 
to medium effect size) and non-significant associations between school factors and 
science achievement. The addition of control variables reduced the Log Likelihood 
values from −161,528.57 (SD = 90.94) for Model 3 to −139,740.25 (SD = 81.72) for 
Model 4. For means of perceived feedback significant coefficients were noticed in 
Denmark, Iceland and Sweden whereas coefficients were significant for mean class 
discipline in four countries except in Denmark in Model 3.

With school means for four student-level variables along with control variables at 
school-level in Model 4, the aggregated teacher support score displayed a significant 
regression coefficient only in Norway (β = 0.35, SE = 0.15, p < 0.05). The coefficient for 
mean fair teacher perceptions in Model 4, was almost significant in Norway (β = 0.21, 
SE = 0.11, p = 0.051) and in Sweden (β = 0.20, SE = 0.11, p = 0.059) on the addition 
of control variables. On average, student responses in four countries besides, Finland 
showed a significant relationship between mean perceived feedback and science achieve-
ment. Coefficients were significant and in the range (low to medium effect size) for mean 
class discipline in Iceland, Norway, and Sweden. In comparison to Model 3, coefficients 
for class discipline indicated a marginal significant level in Finland (β = 0.28, SE = 0.14, 
p = 0.051) and Norway (β = 0.27, SE = 0.14, p = 0.058).

Student behaviour hindering learning at the school-level displayed negative associa-
tions in all countries but was only significant in Denmark and Norway. The student–
teacher ratio was significantly linked to science achievement only in Sweden, whereas no 
association between school-type and science achievement was found in the analysis. The 
shortage of educational resources hindering learning yielded weak links only in Iceland. 
The explained variance at the between level increased from Model 3 to Model 4 in four 
countries with the exception of Finland.

Results from the two‑level analysis

In a multilevel model we are able to analyze both inter-school and intra-school relation-
ships between the independent and the dependent variables. The Log Likelihood value 
for Model 5 was −142,647.16 (SD = 79.14), which reduced to −119,684.47 (SD = 66.57) 
for Model 6.

Our results showed that individual background variables partially account for the stu-
dent-level variance, as the “within-level” variables were associated with student science 
achievement in Nordic countries. Though the noted standardized regression coefficients 
are significant for the background indicators, they are weak to modest.

Further, the estimated R2 value for the student-level in Model 6 (Table 6), ranged from 
17.7 to 24.9% in the countries studied. At the between-school level, the estimated R2 
value ranged from 34.0 to 69.1%. However, the latter explains a smaller proportion of 
the overall variation in achievements. This is due to the low ICC values, which show that 
the contribution of the variables at the student level was relatively more profound than 
the contribution at the school level. Most of the variance in achievements was therefore 
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due to students’ individual differences. Considering the four supportive climate varia-
bles at the student level, significant beta coefficients were observed in Model 6 for vari-
ables teacher support, teachers being fair, and perceived feedback from teachers, which 
were almost the same magnitude as in Model 1 (Table 4). Class discipline at the student 
level was significant only in Finland. Results for student background variables in Model 
6, illustrate that science achievement is significantly influenced by students’ individual 
characteristics, such as gender (except for Finland), immigrant status, socioeconomic 
status, and their future educational aspirations.

In particular, at the school level in Model 6, significant beta coefficients for mean 
teacher support were noted in Denmark and Norway, compared to nonsignificant coef-
ficients in Model 4 (Table 5). For mean perceived feedback, significant coefficients were 
also noted for Denmark, Iceland, and Sweden. Class discipline was noted as significant 
for Finland at the school level, compared to being nonsignificant in Model 4 (Table 5). 
For Norway, class discipline turned nonsignificant at school level in Model 6 compared 
to being significant in Model 4. As to the school background variables, in Model 6, nega-
tive student behaviour was significant in Denmark, and was almost significant in Nor-
way (p = 0.60), whereas, the student–teacher ratio remained significant only for Sweden. 
For the variable shortage of educational resources, the coefficient remained significant 
only for Iceland. As almost all students in Iceland are in public schools, we also tested 
the model by dropping the variable school type in Model 6 which did not change the 
results. Overall, our findings indicated cross-country differences, not only in the sizes of 
the relations among supportive climate variables and science achievement but also in the 
conclusions following them.

Discussion
In this section we are trying to discuss how our findings can be interpreted and related 
to the research questions posed in this study.

Supportive climates and students’ science achievement

Our findings thus far revealed similar associations between countries along with distinct 
country-specific characteristics when it comes to the contribution of the four different 
aspects of supportive climates to science achievement at both levels.

Teacher support

In our analysis, significant but minor relationships between teacher support and science 
achievement at the student level were visible in Denmark, Finland, and Norway. Notably, 
these trivial relationships make it difficult to draw meaningful conclusions about their 
overall contribution. Teacher support is comprehended as both instrumental support 
and emotional support provided by teachers through the five items capturing this scale 
(OECD, 2016a, 2017a). Further, its visibility as a predictor at the school level in Denmark 
and Norway highlights its underlying importance. Danish and Norwegian students per-
ceive that they receive the required support in science lessons when necessary. The weak 
associations in our results do not, however, undermine the significance of teacher sup-
port as an aspect of supportive climates, as students who perceive greater support from 



Page 17 of 28Rohatgi et al. Large-scale Assessments in Education           (2022) 10:12 	

teachers largely score higher in reading, after accounting for the socio-economic profile 
of students and schools (OECD, 2019, vol. III).

Teacher fairness

Our study emphasizes the relationship between students’ perceptions of fair teachers 
and their science achievement. In all the five countries, a significant association were 
found between perceptions of fair teachers and their science achievement while con-
trolling for students’ backgrounds at level 1 (Table 4 and 6). Regarding the supportive 
climate at the school level, this finding underlines the positive contribution of strong 
interpersonal relationships between students and teachers in schools. As students facing 
unfair treatment are more likely to report feeling isolated and experience negative well-
being (Burns et al., 2020; OECD, 2017a), our results highlight the importance of teacher 
fairness as a vital sign of a supportive climate.

Perceived feedback

Concerning perceived feedback, significant relationships with science achievement at 
level 1 were noted (Table 4 and 6), emphasizing the value of feedback given by teachers. 
Moreover, our results support the findings by Sortkær (2018) regarding the contribu-
tion of feedback to the activation of students’ understanding of subject content and thus 
its academic benefits (Hattie & Timperley, 2007). However, the negative association of 
feedback with performance possibly indicates that teachers provide individual feedback 
to students showing lower competence in the Nordic countries (OECD, 2016a, 2017a).

Disciplinary climate

In contrast to Atlay et al.’s (2019) results, no links between class discipline and science 
achievement at level 1 were observed for the countries, except for Finland, in our study 
(Table 6). Even though this construct interrelates with the disruptions and undesirable 
student conduct in the classroom, due to PISA’s sampling design, where students were 
sampled across the grade level, students’ perceptions about disciplinary climate do not 
always describe the direct actions of a particular science teacher at the class level (Adi-
tomo & Köhler, 2020).

School‑level effects of supportive climate variables

Following recommendations to model collective opinions, as students within the same 
classroom or school share the same perceptions (Kunter et al., 2007; Scherer et al., 2016), 
we observed positive and significant effects of the school average as a proxy for the 
school situation for individual measures in certain countries. As the averages of group 
perceptions, these contextual variables describe the differences between within-school 
and between-school regression coefficients. The school level effect is added to the stu-
dent-level effect.

Danish and Norwegian students are undivided in their perceptions of teacher support, 
as their strong connections with achievement were observed at both levels. Even though 
the students perceived getting less support from their teachers compared to other coun-
tries, less support in these two countries was more effective to students’ achievement at 
school level. In addition, school means of perceptions of teachers being fair at the school 
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level, were not significantly related to achievement in any of the five countries, despite 
being significantly related to achievement in all countries at the student level. One expla-
nation could be that the comparison of a country’s average assessments may be mislead-
ing as the assessment of behavior differs from person to person and varies in different 
cultures (Kjærnsli & Lie, 2011).

As an aggregated factor at the school level, perceived feedback also had strong associa-
tions with science achievement in Denmark, Iceland, and Sweden (Table 6). Mean and 
standard deviation (Table 3) for the students in Iceland shows the lowest value for per-
ceived feedback among other Nordic countries. However, looking at the results of multi-
level analysis in Table 6, the school-level beta coefficients for perceived feedback (school 
average) were higher at the school level for Iceland. While, the questions in the feedback 
construct focus on individual-level (e.g. “The teacher tells me how I can improve my per-
formance”), a possible explanation could be the relatively low science achievement in 
Iceland compared to other countries and high level of immigrant students in Demark 
and Sweden.

Disciplinary climate factor shows better predictive powers at the school level rather 
than at the student level in three countries in our study. In our analysis at the school 
level, the school mean class discipline was modestly associated with science achieve-
ment in Finland, Iceland and Sweden. For Finland the association between disciplinary 
climate in science classrooms and science achievement at student level was also signifi-
cant as shown in research (Grabau & Juuti, 2021). According to Broeck et al. (2020), the 
compositional effect due to shared group perceptions to a certain extent disguise school 
effects. We suspect that more culturally homogenous (e.g. few students with foreign 
backgrounds) might contribute to this association. This reasoning however becomes 
insignificant in the case of Sweden, where the link between mean class discipline and 
science achievement was much stronger (Table 6), even though the schools are hetero-
geneous. This aspects motivates us to further examine this relationship in detail.

Specifically, fairness and feedback-related questions ask more individual experiences 
(e.g., Teachers called on me less often than they call on other students” or “The teacher 
gives me feedback on my strengths in this subject”) while teacher support and discipline-
related questions ask more collective experiences (e.g., “The teachers’ show an interest in 
every student’s learning” or “There is noise and disorder”). With regard to the variable 
disciplinary climate in particular, due to the structure of the data (students in schools), 
the compositional effects visible at school level could be due to an intermediate level 
(e.g. class level) (Scherer et al., 2016).

Considering the teacher’s role, the two measures teacher support and perceived feed-
back from teachers overlap in their conceptual understanding of engaging and enabling 
students in teacher actions to facilitate student learning (Dietrich et  al., 2015). Earlier 
findings that Nordic science teachers are more attentive to low-performing students 
(Sortkær, 2018) further support this reasoning. Substantiating the fact that focusing on 
interpersonal dynamics contributes to improving the learning environment (Bryk et al., 
2010; Burns et al., 2020), we emphasize that our use of four aspects from the PISA school 
climate construct aligns with the dimension of supportive climate. The analysis provides 
insight into the empirical understanding of the role of supportive climates, understood 
through student reports on four aspects.



Page 22 of 28Rohatgi et al. Large-scale Assessments in Education           (2022) 10:12 

Further, our results highlight teacher–student relations, in terms of teachers who 
address students’ personal needs through providing feedback and being fair, as pivotal 
in developing a positive supportive climate. Also, though we concentrated on the rela-
tionship between supportive climates and science achievement, the interpretation of our 
results can be transferrable beyond the science subjects, as none of the four aspects of 
supportive climate in consideration are strictly subject-specific. Within the backdrop of 
our research question, it seems pertinent that teachers, by being adaptable and flexible, 
have a major role to play in creating strong and positive teacher–student relationships 
while sustaining a positive supportive climate (Coleman, 1988; Hattie, 2009; Krane et al., 
2017; Kyriakides et al., 2009). Keeping this in mind, educators and school authorities can 
implement plans intended to raise instruction quality in their efforts towards moderat-
ing differences in academic outcomes for all students.

Student background and school characteristics in relation to science achievement

Concerning, student background, regression coefficients (in Table  6) were very small 
in magnitude but still were statistically significant. This could be partly due to the 
large sample sizes; nevertheless, as they individually contribute to understanding the 
explained variance, we find that student background characteristics are relevant for 
explaining variation in science achievement.

Gender differences, noted earlier as in favour of boys concerning science performance 
(Sun et al., 2012), were not marked as such despite being statistically significant in our 
analysis for four Nordic countries. In recent years, girls have been catching up with boys 
in science and performing even better, as seen in results from Finland (OECD, 2016a; 
Mullis et  al., 2020). It was observed that gender effects increased, while immigration 
effects decreased, with the addition of the four supportive climate factors, demonstrat-
ing that a supportive climate has different effects in the Nordic countries depending on 
the student background. In all the five countries, the socioeconomic status contributed 
significantly to the variance in science achievement, underscoring its concern for both 
administrators and policymakers, as also noted by Yang Hansen and Gustafsson (2016).

In addition, our results demonstrated a significant association between students’ 
future educational aspirations and their science achievement. There may be a mutual 
influence between having one’s own ambitions about further education and higher lev-
els of science achievements (Broeck et al., 2020). But the cross-sectional design in PISA 
does not make it possible to go further into this relationship and to explore the potential 
reciprocity.

The education systems in the five countries aim to provide equal opportunities to all 
students while maintaining a certain quality of instruction. Perhaps due to this, school-
level variables (Table 6) such as school type and shortage of educational resources are 
not found to be significant predictors of science achievement in all Nordic countries. 
The uneven influence of school-level factors in terms of large student–teacher ratios 
in connection to school size was influential only in Sweden and Denmark. In contrast, 
school variables in Icelandic schools had less practical significance than the other four 
countries, as they do not explain much of the variance.
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Regarding the considerable between-school variations in both Denmark and Swe-
den, it appeared relevant to investigate the associated variables and their contribu-
tion to explained variance in science achievement. Sources of variation in Denmark 
and Sweden could include the significant immigrant population and increased num-
ber of students attending private-dependent schools (e.g. 23.2% and 17.8% of Danish 
and Swedish students, respectively, attended these in 2015; OECD, 2016b). Further, 
besides the expansion of the private school sector, the Swedish school systems differ 
in terms of school size, coupled with unevenly distributed teacher quality between 
schools (The Swedish National Agency for Education, 2017). About the large stu-
dent–teacher ratio and its positive connection to student achievement, research has 
shown that maintaining top school discipline is a difficult task for teachers and prin-
cipals in large schools (Welsh et al., 2000). Compared to small-sized schools, school 
staff in large sized schools face much greater disciplinary problems, emphasizing the 
importance of a smaller schools size when it concerns upholding class discipline in 
science lessons (OECD, 2016b).

Taken together, student background and school characteristics appeared to influ-
ence science achievement in Finland, and Iceland to a smaller extent, as shown by 
low variations between schools (Table 6). Also, despite a link between socioeconomic 
status and science achievement, disparities between Finnish schools were also low-
est among the Nordic countries (Ahonen, 2021; OECD, 2016a, 2016b, 2019). In com-
parison to Finland and Iceland, in the last decade, Sweden has seen a major increase 
in the proportion of immigrant students (first- and second-generation), followed by 
Norway (OECD, 2016a, 2016b). With the arrival of large number of migrants from 
non-European countries, the immigrant students experiencing language and socio-
economic status gaps might have contributed to observed differences (Bilgili et al., 
2018). It is to be registered that though the percentage of immigrant students has 
also increased in Denmark, the school composition meant relatively little to how 
well the students performed on the PISA test (Greve & Krassel, 2017). In summary, 
for comparisons across countries, the contrasting findings indicate that among the 
Nordic countries with equity characteristics in education, far greater heterogeneity 
in schools is reflected in Sweden. To some extent, these between-school variations 
are also increasing in Denmark and Norway.

In the equity perspective, the differences in the five countries also point to devia-
tions from the concept of a school for all, underscoring the growing influence of 
student background factors on educational outcomes. Though the Nordic educa-
tion model is based on a vision of equity, the vision is evident in rhetoric to a cer-
tain extent (e.g. curricula and allocation of resources Volckmar, 2019). Given that 
this study’s purpose is to show the difference in variance explained at the student 
and school levels when looking at the results between the countries, our selection 
of variables limits our efforts to explain the underlying mechanisms. Nevertheless, 
the observed variations in student achievement in the Nordic countries yield a need 
for effective instructional methods for compensating non-native students with lower 
ESCS which might help alleviate the observed inequalities.
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Limitations and outlook
First, the cross-sectional design in this study restricted the ability to identify causal 
effects. For investigating possible causality issues, research designs involving longitu-
dinal analysis are recommended. Second, this study addressed only selected student 
characteristics and school aspects concerning supportive climates, which is not an 
exhaustive description for understanding associations with students’ academic envi-
ronment. We focused only on students’ perceptions, excluding teachers’ perspectives, 
as no teacher data was available for the Nordic countries in the PISA study. Con-
cerning the questionnaire, another limitation is that the questions related to the fair 
teacher factor were not related to science lessons, while the other three factors were 
closely related to the science lesson, which may have affected both students’ responses 
as well as the results. Last, we did not test the different constructs for measurement 
invariance across the countries, imposing restrictions on the interpretation of asso-
ciations in cross-country comparisons.

Despite these limitations, our cross-country comparison of the influence of sup-
portive climates contributes to the understanding of the range of variables and vari-
ations in associations related to supportive climates. Given that strong associations 
exist between supportive climates and student motivation (Krane et  al., 2017) and 
between motivation and achievement (Hattie, 2009), future research should be guided 
to incorporate other relevant contextual factors and methodology that would provide 
additional information on supportive climates relating to both cognitive and non-
cognitive outcomes.

Conclusion
This study examined the impact of a supportive climate using four aspects: teacher sup-
port, fairness, feedback, and class discipline. Using multilevel modelling with 2015 PISA 
data for five Nordic countries, we found that student perceptions of teacher fairness and 
feedback from teachers matter most in association with students’ science achievement 
while controlling for relevant student, family, and school variables. Aggregated percep-
tions of class discipline at the school level also contribute to better student achievement 
in science. Our results accentuate the importance of understanding supportive climates 
in a broader sense and the pertinence of stronger teacher–student relationships in 
enhancing educational outcomes.
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